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Typical Models for Intent Classification
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Fasttext RNN for text classification
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» Accuracy: 90%

* Majority of the errors are caused by the > KER
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mistakes of entity tagging
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Structure of a memory network cell

* slightly different from the original paper

* using Bidirectional GRU instead of word
embedding matrices

* using different sets of weights for every
memory network hop

fMemory Network

Memories

End-To-End Memory Networks

Sainbayar Sukhbaatar, Arthur Szlam, Jason Weston, Rob Fergus

Inner Product H
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G ated Memory Network —

Weighted Sum

Memories
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Bi-GRU
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Learn another feedforward network T (per memory
network cell) to control how much memory should
be added to the input




Baseline: Hierarchical LSTM

e NGB

100 candidaté answers

BILSTM, BIiLSTM,
BiGRU, BiGRU, 'Bi

pu_0 pu_1 Word-level Istm

= Word-level match

encoding encoding

| sentence - level Istm
Sentence - level self-attention . Sentence - level match




&8 benchmark

* recall@10: probability of correct answers in top 10 results

H-LSTM without Attention
H-LSTM with Attention

Memory Network

Gated Memory Network




Harman
Allure

JBL Go
Smart 2

=BreE

EsESGUN =AY K&

#

E2Pa]iRes



BHaeE

JBL‘%‘:—aﬂ] =8

HF!‘J'L

32
HH3EHR 12308 MASHE

N © s

LigT: APEEHE BB ERETES,
A B EEET =R R P IER.

WMIE : RFEEMRERNAERP T LRIANE
w, EPREEENE, mAFEfRELIS
FRIPSERSHOMRIESMES, NEAFIE
HEXRER ., BPEEISNFRA, TS
HEEEA.

5812308H)3F

~- 4
4

i = ;lmmzsﬁm;
-— maman fapapey LTS i

¢ @BEEE 2 < F=mmEs

€TV (BT

. m.,fl

Fra Bp s i 12308 (= ER

\d
T AR ol

o :‘ \%







TS RE

o ISEEFTER BRI RIRFIER R iR
- GIERTREEY , F, FE; UIEAR
5, IIMERF , App
- ISEEIREEINEERHEIREAIIRSS
- IMEREAPEENIZE SR IMEA
R aYIRRFRE
« AERSKIAS SR

- ETER, 2RSS, #HiF, FIMF




et teatentte,tete,
NG 5052 0,000,
SIS =0 XN NI
e e e eyt e et
Rt ten e e et
X R RIS .
oz R e, n........n..n:. .,
.2 2. roreee
SSSIIITNS
Sers At e,
1 SBoHT
g ’ Stedosetetiney
5 SIE il

2,
agte,,
0
tegtete,

o,
o,
o,

o,
o
o,
e,
2,
%

o,
»
o,
e,

e,

i ote
o..':,,':,
4
L

U

20

.
0942 ot
o
raatestestta DI 00 b,
(TN = XXKNINTN
Vet mee, e te,te,
rore KRN
R T
KON ALRINTLIAY
Eeeatetrs
e tresrete
St estestes
B i

e,

e, ey
R

e
5
[
=)
=
[
o
o
+
©
3
o
6]

new trend
new technology
new application

/

Developer conference

]
u
]
]
]

‘m

-u
u




